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Abstract

The accurate classification of Stress EEG signals is a big challenge, because of the poor
internal signal to noise ratio, for example caused by cardiac signals and movement

artefacts. In this work, we proposed to design an EEG- Based Deep Learning Neural
Network (DLNN) for Stress Classification. In the first task, we aim to develop a first stage
spatial filter intended to remove the dependence on the channel layout, second we propose to
employ spatiotemporal convolution in the DLNN to capture both spatial and temporal
relationships in the Stress EEG signals. Finally, we will use some techniques such as Optimal
Brain Damage to reduce the architecture of the DLNN. As a result, the signal-to-noise (SNR)
ratio will be improved, and both the dimensionality of the Stress EEG signal and complexity
of DLNN will be reduced. The ultimate aim is to employ the designed DLNN for
classification and treatment of different levels of stress.



